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Abstract

The rapid evolution of the Internet continues to reshape the methodolog-
ical landscape of social science research. Digital methods, although relatively
new, have already undergone several key transformations. From the initial ”fol-
low the medium” paradigm, enabled by early 2000s website architectures and
open APIs, to the current post-API context, marked by platform-driven re-
strictions on data access, researchers now face increasing constraints in obtain-
ing platform-generated data. In response, a growing body of scholarship advo-
cates for a shift toward user-centric approaches, with data donation emerging
as a particularly promising methodological alternative. Data donation involves
participants voluntarily sharing their digital trace data, offering rich, contextual-
ized insights into online behavior while upholding ethical standards. Despite its
potential, practical knowledge on how to implement data donation in empirical
research remains limited.

This methodological article contributes to filling that gap by presenting the
practical experience developed in the AlgoFeed project, in which 240 partici-
pants were involved in a study that included the donation of their YouTube and
TikTok data to investigate feedback loops between algorithms and user behav-
ior. We detail the project’s sampling strategy, data handling procedures, enrich-
ment techniques, and legal considerations under the European regulatory
framework.

This practical implementation illustrates how data donation can help over-
come platform-imposed barriers while enabling more participatory and ethically
sound digital research.
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1. Introduction

The Internet evolves rapidly. Consequently, scholars aiming to study the
Internet must continuously adapt and update their methodological approaches
at a similar pace. Although digital methods have a relatively short history com-
pared to other methodological traditions in the social sciences, they are arguably
undergoing their third major evolution (Caliandro, 2024).

In the late 2000s, early digital methods works focused on widely used
online platforms such as Wikipedia, Google, and user blogs, exploring how
knowledge developed online (Rogers, 2019). This phase saw the introduction
of the now well-known principle of ”follow the medium.” In the early 2010s,
the widespread diffusion of social media platforms offered new avenues for
inquiry—primarily through their APIs—which enabled researchers to collect
large-scale datasets to study user interactions (Rieder, 2013). A third phase be-
gan in 2018 with the Cambridge Analytica scandal, which led to the progressive
closure of APIs (Bruns, 2019). While framed as a move toward better data pro-
tection, this shift arguably served as a pretext for platforms to restrict access,
effectively ending the era in which the medium could be easily “followed” for
research purposes (Perriam et al., 2020).

To continue working with digital data, alternative strategies comprehended
either collaborating with platforms or find technical workarounds to the clos-
ing—both of which entail significant limitations (Araujo et al., 2022). More re-
cently, a growing body of literature has advocated for strengthening collabora-
tion with a key actor that has remained in the background of digital methods
research: the user. Scholars have started to emphasize the benefits of involving
users more directly in the research process, leading to the proposal of a new
principle for digital methods: “follow the user”. This principle suggests drawing
inspiration from users’ digital behaviors to gather and interpret richer, more
contextualized data (Breuer et al., 2023; Caliandro, 2024).

In line with this renewed focus on users, the concept of data donation has
received increasing attention (Welbers et al., 2024; Zannettou et al., 2024). Some
software tools have been developed to support this process (Araujo et al., 2022;
Boeschoten et al., 2023; Pfiffner et al., 2024), yet its full potential remains un-
derexplored (Pfiffner & Friemel, 2023). Data donation, understood as the
“user-centric approach in which research participants donate their existing dig-
ital trace data to researchers” (Ohme et al., 2024, p.128), offers a promising
avenue to overcome the limitations imposed by digital environments that are
increasingly controlled by platforms. In Europe, recent changes in the legal
framework may further support this approach by granting users greater control
over their personal data.
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Despite growing interest, a solid body of knowledge on data donation, par-
ticularly concerning its practical implementation, still needs to be developed. To
contribute to this effort, this methodological paper presents the data donation
approach adopted in the AlgoFeed project. The project involved 240 partici-
pants who donated their YouTube and TikTok data, enabling the study of
”teedback loops” between users and algorithms as mediated by platform infra-
structures and their socio-cultural effects.

In the following sections, we first outline the evolution of digital methods.
We then introduce the concept of data donation, with particular attention to
the European legal framework that supports it. Next, we explore the advantages
and limitations of this approach by examining two studies that focused on
YouTube and TikTok data. Finally, we present the AlgoFeed project in detail,
describing its key components—sampling strategy, data donation process, data
management and enrichment, and legal aspects of data protection. We conclude
by reflecting on how these insights may inform future research and contribute
to the broader development of data donation methodologies in the social sci-
ences.

2. The Evolution of Digital Methods

The digital methods paradigm is grounded in the notion that the Internet
should be approached less as an object of study and more as a source of meth-
ods (Rogers, 2013). This epistemological stance underpins the well-known prin-
ciple of ”following the medium,” which encourages researchers to learn from,
and repurpose, online environments, such as search engines, social media plat-
forms, and other digital infrastructures, and their tools that inherently gather,
order, classity, rank, and evaluate data. Since its introduction in the late 2000s,
an evolution in three phases can be identified (Caliandro, 2021, 2024).

When first developed, this epistemological stance and its related method-
ological strategies largely leveraged the widespread openness and accessibility
of the Internet and its data. FEarly research focused primarily on Google, Wik-
ipedia, websites, and blogs, exploring how their structures influenced the devel-
opment and dissemination of knowledge online (Rogers, 2019). A second phase
was inaugurated around the early 2010s with the rapid diffusion of social media
platforms—TFacebook, Twitter, Instagram, among others. The rise of social me-
dia was accompanied by the public availability of APIs. Social media APIs (Ap-
plication Programming Interfaces) are tools provided by social media platforms
that allow developers and researchers to access and retrieve platform data in a
structured and automated way. For research purposes, these APIs enabled
scholars to collect large-scale datasets on user interactions, posts, likes, hashtags,
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and network connections, facilitating the study of online behavior, communi-
cation patterns, and cultural trends (Caliandro, 2021). For example, a widely
used tool at the time was Netvizz, developed in 2009 by Bernhard Rieder as an
exploratory tool to study Facebook’s API. Through several updates, Netvizz
evolved into a comprehensive data extractor that allowed researchers to retrieve
structured data from different sections of the Facebook platform in standard
formats. Specifically, Netvizz provided access to three key areas: personal net-
works, groups, and pages. Within personal networks, it enabled the extraction
of friendship graphs and “like networks,” capturing user connections and affin-
ities based on shared interests. For groups, it offered data on member interac-
tions, creating weighted graphs based on likes and comments exchanged within
group posts. In the context of pages, Netvizz generated networks linking users
to posts through their engagement activities, along with tabular files that facili-
tated statistical and content analysis. By producing both network and tabular
data files, Netvizz supported a variety of analytical approaches, ranging from
Social Network Analysis to more traditional statistical methods, making it a ver-
satile tool for studying the social dynamics and cultural patterns emerging on
Facebook (Rieder, 2013).

However, the use of APIs for social science research, including Netvizz
(Rieder, 2019), drastically changed after 2018, following the Cambridge Analyt-
ica scandal. The Cambridge Analytica scandal, revealed in 2018, involved the
unauthorized harvesting of personal data from millions of Facebook users. The
political consulting firm Cambridge Analytica collected this data—often with-
out users’ explicit consent—through a third-party app disguised as a personality
quiz. This information was then used to build detailed psychological profiles
aimed at influencing voter behavior in key political campaigns, including the
2016 U.S. presidential election and the Brexit referendum. The scandal sparked
widespread concern over data privacy, leading to greater scrutiny of social me-
dia platforms’ data practices and prompting policy changes aimed at protecting
user information. These changes also affected academic research, drawing crit-
icism and complaints from scholars (Bruns, 2019).

As a result, digital methods found themselves having to engage with a me-
dium they intended to “follow” but that no longer wanted to be followed. However, it
is also the researcher’s task to respond to these shifts in the medium (Perriam
et al., 2020). This prompted the emergence of a third phase in digital methods,
which explored analytical strategies less reliant on APIs. Alongside methodo-
logical innovations in digital methods, such as web scraping and tracking (Ga-
ravaglia et al., 2023; Perriam et al., 2020), new epistemological frameworks have
been proposed. In addition to the principle of “follow the medium,” scholars
have introduced the complementary principle of “follow the user”. This ap-
proach encourages researchers to take inspiration from, and leverage, Internet
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users’ natively digital methods, intended as those practices, habits, techniques,
and strategies through which users (both human and non-human) collect, store,
manage, and organize their own digital data during their everyday online navi-
gations (Caliandro, 2024).

As Caliandro (2024) explains, this further development in digital methods
does not develop in a vacuum but builds on three sociological traditions. The
approach draws first on ethnomethodology and its emphasis on examining how
individuals use their everyday, taken-for-granted methods to make sense of so-
cial reality in the contexts where their activities naturally occur. Then, the idea
of following the user also builds on Latour’s actor-network theory (ANT). ANT
invites researchers to conceive of social order not as a pre-existing structure but
as something continuously produced through the associations and practices of
diverse actors, which can be studied by “following the natives” and tracing the
networks through which meaning and stability are achieved. Finally, a source of
inspiration is multi-sited ethnography, particularly its call to “follow the things”.

The relationship with ethnography is the one that is worth further explor-
ing, also in light of some features of data donation that we will cover later. As
Delli Paoli and D’Auria (2021) propetly describe, doing ethnography in digital
social spaces has been labelled in several ways, but different approaches to dig-
ital ethnography can be classified based on the type of content analyzed,
whether it relates to digital traces detached from context or to contextualized
social environments, and on the types of data involved, whether big data or
small data. Following this classification, it is clear that follow the user, and more
specifically data donation as it will be described in the upcoming paragraphs,
falls somewhere in between. Of course, it does not deal with the corpus of big
data that APIs once allowed researchers to gather, but it is perhaps not entirely
correct to say that it deals with small data, because, if comprehensive research
designs are proposed, such as the one described in this article, the corpus of
available data can be quite large as well.

With respect to the type of content, follow the user most often deals with
digital traces detached from defined and limited online spaces such as forums,
communities, or Facebook groups. Since the follow the user principle, and con-
sequently the practice of data donation, only draws partial inspiration from dig-
ital ethnography, it makes sense that the existing classifications of the latter do
not fully apply. This is also because follow the user tends to go beyond the
standard distinction between qualitative and quantitative methods and their as-
sociated features (Caliandro, 2024). Nevertheless, authors have advocated for
further integration between data donation approaches and digital ethnography
(Robinson & Cole, 2024), calling for an even larger role for users in guiding data
interpretation.
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With respect to the user’s role more generally, within this recent evolution
of digital methods, the practice of data donation is fully consistent with the idea
of an expanded role for users in research, aligning with participatory research
methods, where a stronger connection between researchers and participants is
considered a significant advantage for the knowledge production process (Ber-
gold & Thomas, 2012). Furthermore, “following the user,” along with its asso-
ciated methodological strategies, acknowledges users as collaborators in the re-
search process and extensively involves ethical principles of doing research, dis-
tancing itself from the data-extractivist practices that mainly characterize plat-
forms’ treatment of users and their data online (Caliandro, 2018, 2024).

3. Data Donation

Data donation can be understood as a “user-centric approach in which re-
search participants donate their existing digital trace data to researchers” (Ohme
et al., 2024, p.128). More broadly, donation, conceived as a specific type of ex-
change, has been a topic of interest since the early contributions to the field of
sociology (Mauss, 1966). It is typically defined as the transfer of something from
its owner to another party without an expectation of something in return and
without having any economic profit motive connected to it (Prainsack, 2019).
However, reflections on the concept of the gift suggest that the act of giving
often entails indirect reciprocity, as moral and social obligations are connected
to both offering and receiving (Mauss, 1966; Prainsack, 2019). Specifically re-
ferring to data donation, it is important to acknowledge that this is not an issue
exclusive to the field of social science. In the medical domain, it is a widely
discussed topic, recognizing that data donation remains less developed and
structured compared to other forms of donation, such as blood or organs. Even
patients who are willing to donate their data for medical research often face
practical and ethical complexities that make the process less straightforward
(Krutzinna & Floridi, 2019). Within the field of social science research on online
environments, a key development that has supported the initial establishment
and early diffusion of data donation practices has been the recent evolution of
certain elements within the legal framework governing the handling of personal
digital data.

3.1 A New legal framework favoring data donation

Two recent legal developments have contributed to making data donation
for research purposes more feasible, at least within Europe. First, the European
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Union’s 2018 General Data Protection Regulation (GDPR), under Article 15,
establishes the Right to Data Portability. This provision allows individuals to
download a copy of their personal data from social media platforms or any data
controller, such as a supermarket. These data files, often referred to as Data
Download Packages (DDPs), can subsequently be donated to researchers for
academic purposes (Boeschoten et al., 2022; Ohme et al., 2024; Skatova &
Goulding, 2019) Second, the recently introduced Digital Services Act (DSA)
further supports data donation initiatives. According to Article 40(4) of the
DSA, “upon a reasoned request from the Digital Services Coordinator of es-
tablishment, providers of very large online platforms or of very large online
search engines shall, within a reasonable period, as specified in the request, pro-
vide access to data to vetted researchers who meet the requirements in para-
graph 8 of this Article, for the sole purpose of conducting research that con-
tributes to the detection, identification, and understanding of systemic risks in
the Union” (European Parliament, 2022). To be recognized as a “vetted re-
searcher”, as specified in Article 40(8), applicants must satisfy several condi-
tions: they must be affiliated with an established research institution, remain
independent from commercial interests, disclose their sources of research fund-
ing, ensure secure data management, and agree to make their research findings
publicly available at no cost. Moreover, their research must address issues cate-
gorized as systemic risks by the DSA. According to Article 34, these risks in-
clude the dissemination of illegal content, potential threats to fundamental
rights, disruptions to civic discourse, electoral processes, and public safety, as
well as issues related to gender-based violence, the protection of public health
and minors, and threats to individuals’ physical and mental well-being (Euro-
pean Centre for Algorithmic Transparency, 2023). Despite these advancements,
the practical implementation of researcher access under the DSA remains un-
certain (Ohme et al., 2024).

3.2 Advantages and limitations of data donation

Two main categories of major benefits can be identified with respect to
data donation: one related to the types of data that can be gathered, and the
other concerning the active involvement of users. Regarding the information
collected, it is important to recognize that data obtained through the donation
of DDPs is often highly rich, and in some cases, even more comprehensive than
data gathered via API access. It should be noted that APIs do not grant access
to all available data on platforms; instead, they offer limited datasets determined
unilaterally by the platforms themselves, leaving researchers with little control
over the quality or quantity of the data they can access (Lomborg & Bechmann,
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2014). In terms of user involvement, data donation emphasizes the active role
of participants, who retain significant control over the data they choose to do-
nate (Ohme et al., 2024). This process is further facilitated by software specifi-
cally designed for research purposes. For example, the tool Port enables re-
search participants to request a digital copy of their personal data from social
media platforms, store the DDP on their personal devices, and selectively
choose the data points they wish to share with researchers (Boeschoten et al.,
2023). Tools like Port also promote data minimization practices, allowing par-
ticipants to donate only the data relevant to the research project while excluding
unnecessatry information from the dataset (Ohme et al., 2024). Such a level of
participants control and precision is not feasible with methods like API-based
research, scraping, or tracking. Another recently developed tool is the Data Do-
nation Module (DDM), designed to facilitate the process of data donation.
Functioning as a web-based interface, it enables researchers to structure and
manage the entire donation workflow in accordance with ethical and methodo-
logical standards. The platform allows researchers to guide participants step by
step—from providing consent to sharing data—while also specifying custom-
ized parameters for data preprocessing and filtering prior to transmission. No-
tably, the module supports the integration of structured digital trace data (e.g.,
in JSON or CSV formats) and accommodates the inclusion of self-reported
information via an embedded questionnaire (Pfiffner et al., 2024).

These two categories of advantages—access to rich data and the active in-
volvement of users—make data donation a promising approach for contempo-
rary social science research on digital media. However, it is important to
acknowledge certain limitations of this method, which correspond to the very
domains that represent its strengths. With regard to data, obtaining large sample
sizes through data donation is highly unlikely. Since this approach depends on
the active participation of individuals, the scale of data collection is often lim-
ited, making it difficult for researchers to engage very large user samples. As a
result, the volume of data available for analysis is typically smaller compared to
the vast datasets that were once accessible through APIs, which facilitated large-
scale, big data studies (Marres, 2015; Rogers, 2019). Instead, data donation
aligns more closely with research designs that prioritize depth over breadth,
making it particularly well-suited for qualitative or mixed-methods approaches.
Additionally, a technical consideration is that data acquired through donation is
often less standardized than data collected via APIs, which requires additional
effort from the research team to process and analyse the information (Ohme et
al., 2024; van Driel et al., 2022). Regarding user involvement, it is important to
recognize that downloading DDPs is not always a straightforward process, and
recruiting participants willing to donate their data can present significant chal-
lenges (Gomez Ortega et al., 2025; Ohme et al., 2024). A potential solution is
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fostering even closer collaboration with research participants, providing sup-
port and guidance to help them successfully download and donate their data
(Kmetty & Ne 'meth, 2022; van Driel et al., 2022). Furthermore, an additional
limitation concerns the fact that data donation is subject to local legal frame-
works that regulate individuals’ rights to access and share their personal data,
such as the case of the European regulation previously discussed. Variations in
how these regulations are implemented and enforced across different jurisdic-
tions can affect the overall feasibility of data donation in various contexts
(Gomez Ortega et al., 2025).

To further explore the advantages and limitations of data donation, as well
as its practical implementation, we focus more extensively on two studies that
relied on user-donated YouTube and TikTok data—two sources of information
that align with those used in the AlgoFeed project. As previously mentioned,
this methodological paper presents the AlgoFeed approach to contribute to the
broader development of knowledge on how data donation can be implemented
in research projects.

3.2.1 Donating YouTube data

Welbers et al. (2024) conducted two studies in which participants were
asked to donate their YouTube consumption data via a web platform. In both
cases, participants were instructed to request their data from Google and upload
it through a newly developed web application. One study recruited participants
through an online panel survey, while the other was carried out in a field lab at
a large music festival. The research aimed to evaluate recruitment success, data
validity, and the design of the donation application.

As anticipated, the online survey experienced a high dropout rate. Of the
9,523 participants who accessed the study link, 3,709 provided informed con-
sent and passed the initial screening, but only 435 ultimately donated their data.
The study confirmed existing concerns about response bias in data donation:
donors were disproportionately younger, more highly educated, male, politically
left-leaning, and scored higher on general trust measures. This suggests that,
even within a survey sample—already prone to selection biases—specific char-
acteristics further influence participants’ willingness to donate their data. Addi-
tional factors, such as technical proficiency and privacy attitudes, may also play
a role. The authors recommend collecting information on these variables early
in the process, before excluding participants based on their willingness to do-
nate, to allow for bias correction and gain deeper insights into donation moti-
vations. Many participants who dropped out of the donation process cited ei-
ther an unwillingness to donate or found the process too time-consuming. This
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highlights potential shortcomings in the informed consent process, suggesting
that some participants did not fully understand the procedure or its purpose.
The authors propose placing greater emphasis on key aspects of informed con-
sent to improve retention. Technical barriers were also a significant factor in
participants dropout, particularly during the request and download of the Data
Download Package (DDP).

A key finding from the field lab study was the advantage of conducting
data donation research in a face-to-face environment. participants reported feel-
ing more comfortable with the process, which was faster and more engaging
compared to the online setting. The field lab also more effectively achieved the
three main goals of data donation research: collecting data, involving partici-
pants in the process, and increasing their awareness of their digital footprints.
Many participants reported gaining a better understanding of GDPR and its
implications, suggesting that raising awareness can enhance engagement in data
donation initiatives.

Regarding data validity, most participants felt their data accurately reflected
their browsing, search, and YouTube history. However, approximately 25-30%
of participants indicated that their data partially included activities belonging to
other users, raising concerns about data quality in cases where platforms are
shared (e.g., Netflix, shared household devices). This underscores the need for
better mechanisms to determine data ownership and to address related ethical
considerations.

The researchers developed an open-source application for data donation,
which is available for future improvements. They emphasize the importance of
modular design to enhance security and efficiency in various research contexts.
Despite its potential, data donation faces persistent challenges, particularly tech-
nical barriers related to platform policies and public perceptions. There is a risk
that research will be constrained to collecting digital traces that are easier to
access—similarly to how social media studies often depend on platform APIs.
Researchers are encouraged to critically assess when and how to incorporate
data donation into their methodologies.

3.2.2 Donating TikTok data

Zannettou and colleagues (Zannettou et al., 2024) present the first empiri-
cal analysis of user engagement with short-form video content on TikTok,
based on data collected through a data donation system involving 347 users and
9.2 million video views. Their findings show that users progressively spend
more time on the platform, raising concerns about potential addictive behav-
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iors, particularly among younger audiences. The analysis also highlights differ-
ences in engagement between videos from followed versus non-followed ac-
counts and offers reflections on user attention patterns.

In addition to examining engagement metrics, the study addresses the de-
sign and challenges of data donation systems. Zannettou and colleagues imple-
mented a data donation system called Social Media Donator (SMD), which pro-
vides participants with instructions on how to request their personal data from
TikTok through the mobile application. The researchers anonymized sensitive
personal information, such as phone numbers and email addresses, and allowed
users to choose which data fields they were willing to share (e.g., excluding
comments). The only mandatory field was the video viewing history, which in-
cluded only the URLs of the videos watched and their timestamps.

Following data donation, participants were presented with an optional sur-
vey that included general demographic questions as well as inquiries about their
usage of TikTok and perceptions of its recommendation algorithm. This survey
offered additional contextual data on participants’ age, gender, and location.
Recruitment was conducted via two channels: announcements on Twitter and
Facebook Ads targeting users aged 18 and older residing in the

U.S. Using these methods, the researchers recruited 347 participants, who
were compensated with a total of $6,900 in Amazon gift cards delivered via
email. The study also examines the role of monetary incentives in data donation,
suggesting that pricing mechanisms can significantly influence individuals’ will-
ingness to donate data. Furthermore, the credibility of the data donation system
proved essential for participants trust. Providing robust anonymization tools
and allowing participants to control which data they shared increased user con-
tidence in the process.

The research also highlights the need for compliance audits to verify the
accuracy and completeness of data provided by social media platforms. The
researchers discovered missing data in their dataset, underscoring the im-
portance of verifying the integrity of data sources. Despite offering valuable
insights, the study recognizes its limitations. The relatively small sample size and
lack of comprehensive demographic data limit its ability to provide a fully rep-
resentative analysis of TikTok’s user base.

Additionally, the research does not account for user retention dynamics or
those who stop using TikTok altogether, which would require a different data
collection methodology. Some engagement metrics, such as time spent on vid-
eos, rely on inference, meaning that certain results should be interpreted as
lower-bound estimates.
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4. AlgoFeed Project: a practical example of data donation

As shown, data donation is receiving increasing attention in the literature
as a promising solution to the challenges of conducting digital research in the
post-API era (Boeschoten et al., 2023; Ohme et al., 2024; Pfiffner & Friemel,
2023). However, only a limited number of studies have provided practical in-
sights into how data donation can be effectively implemented in empirical re-
search (Bechmann et al., 2025; Welbers et al., 2024; Zannettou et al., 2024). We
therefore aim to contribute to this discussion by presenting a practical approach
to data donation, describing the activities carried out within the AlgoFeed pro-
ject, in which one of the authors was actively involved in managing the data
collection of participants’ YouTube and TikTok data through data donation.
Given the sensitive nature of the data involved, the project underwent a multi-
stage approval process by the university’s ethics committee, which carefully
evaluated the protocols for informed consent, data minimization, participant
anonymity, and the secure handling of personal information.

4.1 Brief summary of the project

The AlgoFeed project aims to study the impact of recommendation sys-
tems on online content consumption, deeply investigating the ”feedback loops”
between users and algorithms, which are mediated by the socio-technical infra-
structures of platforms and their socio-cultural consequences. To achieve this,
the project focuses on a quota sample of 240 adult volunteers (aged 18 to 40)
who are users of YouTube and TikTok, recruited in Lombardy and Campania
with the collaboration of the Demetra Opinioni agency. Our mixed-method
strategy is structured into three main research phases:

A preliminary survey aimed at measuring the digital skills and consumption
habits of participants, thus supervising the chosen sample so that it is as homo-
geneous as possible.

A data donation campaign designed to encourage participants to share data
on personalized recommendations from TikTok and YouTube, in order to lon-
gitudinally and aggregately monitor their evolution and distribution within the
sample.

Qualitative follow-up interviews with a subsample of 40 participants, with
the goal of shed-ding light on how platform users understand and interpret al-
gorithms and their effects on content consumption.

552



Data Donation From YouTube and TikTok Users: How We Implemented It
Andrea Russo, Dario Pizzul

4.2 Sampling strategy and data collection

The sampling was conducted on a quota-based sample of 449 adult volun-
teers. But following questionnaires and interviews the number has been reduced
to 240 adults, aged 18—40, who are active users of both YouTube and TikTok
and reside in Lombardy (n = 120) and Campania (n = 120). Participants were
carefully selected during the sample design phase using screening questions to
verify their age and place of residence. They were identified and contacted by
an external statistical agency specializing in social research (Demetra Opinioni).
The external statistical agency helped us avoid potential problems that were
raised in other studies (Welbers et al., 2024), specifically biases arising from
convenience sampling or specific online/offline recruitment channels. Furthet-
more, it helped ensure that participants received an appropriate incentive (a C10
shopping voucher) to encourage active participation and data donation, making
the process resemble the design of campaigns typically used in survey research
based on statistical sampling procedures.

In fact, sampling quotas considered geographical distribution, gender, age,
and education level.

Participation was entirely voluntary and not coerced in any way. Refusal to
participate did not result in any negative consequences, whether economic or
otherwise. Furthermore, participants were free to withdraw from the study at
any time without providing an explanation. In the event of withdrawal, any pre-
viously collected data were destroyed, unless they had already been processed
for research purposes.

The activity was divided into two phases. The first consisted of a structured
questionnaire based on several sets of questions aimed at understanding partic-
ipants' socio-demographic situation (e.g., educational level and gender), partici-
pants theoretical and practical digital skills, and participants browsing habits on
digital platforms.

The second phase involved analysing participants’ activity on YouTube and
TikTok over a three-month period. Data collection for this phase was con-
ducted through a data donation procedure. Specifically, participants were asked
to donate data related to their online navigation on TikTok and YouTube, par-
ticularly concerning personalized content recommendations, to examine the in-
fluence of algorithms on online consumption.

The collected data included textual content, video content, and social me-
dia usage habits. To this end, respondents were asked to download their data
from their own YouTube and TikTok profiles independently. Two simple video
tutorials that had been provided to participants showed the correct procedures.
The two videos (one for YouTube and one for TikTok) were created and pub-
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lished on YouTube, then shared with the participants of the data donation ini-
tiative. These videos guided participants step by step through the process of
requesting their data from the platform and submitting it to the AlgoFeed pro-
ject. Once this process was completed, participants were asked to send the
downloaded data to the research team via a dedicated email address associated
with the University of Milan.

Respondents’ involvement in the project lasted about four months (the
total duration of the project was approximately two year), during which the re-
spondents were required to complete a questionnaire lasting approximately 60
minutes with 37 questions, to monitor their browsing activity on YouTube and

TikTok.

4.3 Donating YouTube and TikTok data

As previously mentioned, Step 2 consisted of a voluntary data donation
campaign designed to encourage 240 participants to share digital data on the
personalized video content recommendations they received on YouTube and
TikTok in the months preceding the research. This step aimed to longitudinally
and aggregately monitor the evolution and distribution of these recommenda-
tions within the sample. This research phase was coordinated by research teams
from the University of Pavia, the university of Federico 11 of Napoli and the
University of Milan, with technical support from the non-profit organization
Al Forensics, which handled data collection, integration, cleaning, and anony-
mization.

For YouTube, participants had the option to follow the platform’s official
procedure (described in the video) to download specific data from their profiles,
including personalized content recommendations, which were at the core of the
AlgoFeed project.

For TikTok, participants followed a similar procedure, guided by a video
tutorial specifically created to walk them through the simple 3—4 click process
required to download the list of recommended videos from the months preced-
ing the request.

The donated data consisted exclusively of lists of video identifiers up-
loaded/viewed on both platforms, meaning they did not include sensitive pet-
sonal information from participants’ profiles and were therefore not sufficient
for identification. The right of users to obtain data stored online by platforms
was guaranteed in the European Union under Article 20 of the GDPR.
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The two files (one for YouTube, and the other for TikTok) provided by
the platforms were then shared by participants, after signing the informed con-
sent form, through a dedicated online form presented alongside the preliminary
survey.

This process was managed by both universities, while Al Forensics en-
riched the dataset with metadata on algorithmically recommended content ob-
tained via scraping and/or official APIs (e.g., video title and desctiption, publi-
cation date, number of likes and views). Our work, in the end, consisted of:

-Anonymize the dataset.

-Management of the dataset.

-Automatically remove any data not directly necessary for research pur-
poses, without requiring human review, to maximize privacy protection for par-
ticipants.

The anonymized YouTube and TikTok datasets were then integrated with
the dataset from the preliminary survey through an identification code. Only
the AlgoFeed team had access to the key linking participants’ identities to their
data.

The resulting datasets were analysed exclusively at an aggregate level using
digital and computational methods such as text mining, network analysis, and
time series analysis. The objective was to descriptively map the longitudinal evo-
lution of algorithmically recommended content types across platforms and so-
cio-demographic categories.

The computational and digital analysis of the data from the data donation
process (integrated with survey data) was conducted by the data controller in
aggregate form and was limited to metadata of direct scientific interest. Any
metadata obtained from YouTube and TikTok that was not necessary for re-
search purposes was automatically and non-intrusively deleted from the final
datasets

4.4 Managing and cleaning the data

Although we used the videos to instruct and guide participants through the
various steps of data donation, errors emerged in both the format and type of
data received. In the videos, participants were only advised not to select items
related to messaging interactions with other users or economic transactions car-
ried out on the two platforms. However, this guideline was not always followed.

As a result, during the analysis phase, we encountered five different file
formats (CSV, JSON, TXT, HTML, and XL.SX) while we only ask for two, and
several unauthorized pieces of information, which were promptly deleted due
to privacy concerns.
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After collecting all the data, work began on unifying the contents into a
single format (CSV) using a key-value logic structure. For each key (variable),
its corresponding values (data points) were extracted from each file type. How-
ever, this process led to two main issues:

The keys were dissimilar across different file formats and platform.

Overlapping keys from different users within the same database caused
conflicts, overwriting pre-existing entries.

To address these challenges, extensive data management efforts were car-
ried out. The approach involved segmenting various IDs based on their key-
value structures, followed by a final step of consolidating the data to unify indi-
vidual records.

The complete dataset includes 109 respondents with a total of 3.887.463
datapoints:

3.413.299 for YouTube (videos watched, searches made, ads served), and
474.164 for TikTok (Video Like List, Favorite Video, Favorite Effect, Favorite
Sound, Favorite Hashtag). Of these, the unique datapoints (URLs) are
1.097.760 for YouTube, and 415.658 for TikTok.

4.0 Enviching the data

After creating the original base dataset for both platforms, the dataset was
sent to Al Forensics for further enrichment. Data enrichment refers to the pro-
cess of adding additional metadata to existing content, such as YouTube or
TikTok videos. Since data is collected by Al Forensics through a combination
of API calls and web scraping, enrichment is only available for videos that are
publicly listed and have not been removed from the platforms.

We focused on a 12-month time frame ending on the first day of data col-
lection, spanning from July 2023 to July 2024. Table 1 shows the distribution
of values across different time frames. For YouTube, we sent a dataset of
369,785 unique videos and received enrichment data for 313,627 of them. How-
ever, we included only the unique videos that were actually watched (excluding
searches). For TikTok, we focused on videos from the ”’Liked” and ”Favorites”
lists.
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Table 1: YouTube and TikTok Video Counts over Different Timeframes

Timeframe YouTube TikTok Total
2 yeats 1,744,784 389,866 2,134,650
1 year 1,126,554 311,490 1,438,044
6 months 643,890 221,060 864,950
3 months 368,590 144,405 512,995

For YouTube more specifically, we sent a list of video IDs, and received a
dataset including the following metadata for each video as shown in Table 2.

Table 2: Distribution of V'ideos Across Respondents

Metric Complete Dataset 12-Month Dataset
Unique IDs 104 98

Total Videos 2,336,357 682,956
Enriched Videos 1,068,257 641,366
Opverall Percentage 45.72% 93.91%

The enrichment keys for YouTube are shown in Table 3.

Table 3: YouTube Dataset Field Descriptions

5.1. Field 5.1. Description

5.1. video id 5.1.  Unique identifier of the video

5.1. reference 5.1. Reference associated with the video

5.1. kind 5.1. Type of resource

5.1. etag 5.1. ETag identifier of the resource

5.1. published at 5.1. Video publication date

5.1. channel id 5.1. YouTube channel identifier

5.1. channel name 5.1. YouTube channel name

5.1. title 5.1. Video title

5.1, description 5.1.  Video description

5.1. category id 5.1. Video category

5.1. live broadcast content 5.1. Live broadcast status

5.1.  default language 5.1.  Default language of the video

5.1.  default audio language 5.1.  Default audio language

5.1. country 5.1.  Country of origin of the video

5.1. tags 5.1. Tags associated with the video

5.1. view count 5.1. Number of views

5.1. like count 5.1. Number of likes

5.1. favorite count 5.1. Number of times the video was added to fa-
vorites

5.1. comment count 5.1. Number of comments
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5.1. thumbnails

5.1. channel thumbnails
5.1. duration

5.1. dimension

5.1. definition

5.1. caption

5.1. licensed content
5.1. content rating

5.1. projection

5.1. URL of the video thumbnails

5.1. URL of the channel thumbnails

5.1. Video duration

5.1.  Video dimension (2D/3D)

5.1.  Video quality (SD/HD)

5.1. Presence of subtitles

5.1. Indicates whether the content is licensed
5.1. Content rating

5.1. Type of projection (normal/360°)

For TikTok, we sent 272,409 unique TikTok Video IDs, and received
230,211 unique videos enriched with metadata show in Table 4.

Table 4: TikTok Dataset Field Descriptions

2.2.1. Ficld

2.2.2.Description

2.2.3. display name
2.2.5. country code
2.2.7. video description
2.2.9. music id

2.2.11. like count
2.2.13. comment count
2.2.15. share count
2.2.17. view count
2.2.19. effect ids
2.2.21. hashtag names
2.2.23. playlist id
2.2.25. voice to text
2.2.27.id

2.2.29. create date
2.2.31. duration type
2.2.33. favorites count
2.2.35. stem verified

5. Personal Data and GDPR

2.2.4. User’s display name

2.2.6. Uset’s country code

2.2.8. Video description

2.2.10. 1D of the associated music

2.2.12. Number of likes received

2.2.14. Number of comments received

2.2.16. Number of shares

2.2.18. Number of views

2.2.20.1Ds of applied effects

2.2.22. Hashtags associated with the video
2.2.24. Playlist ID

2.2.26. Text generated from voice transcription
2.2.28. Unique video identifier

2.2.30. Video creation date

2.2.32. Type of video duration

2.2.34. Number of times the video was favorited
2.2.36. Audio track verification status

Significant attention was dedicated to data protection throughout the entire
research process, with efforts made to ensure that participants were properly
informed. All information regarding the processing of participants’ personal
data—including special categories of data—was provided in a dedicated infor-
mation notice prepared pursuant to Article 13 of Regulation (EU) 2016/679

(GDPR).

All data were collected and analysed exclusively for academic and public
dissemination purposes and were not shared with third parties. The legal basis
for processing was the explicit consent of the data subject, in accordance with
Article 6(1)(a) of Regulation (EU) 2016/679. Respondents could withdraw their
consent at any time by contacting the University or the scientific lead of the
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project. In such cases, continued participation in the research was no longer
possible.

The survey was conducted in compliance with ethical guidelines for data
collection in social research and with the GDPR regulations on data protection
and privacy. The data files did not contain any personally identifiable infor-
mation, but only anonymized identifiers, which allowed for the linkage of da-
tasets between the first and second phases of the research. The data controller
securely stored the data in dedicated databases or on encrypted drives, ensuring
that data management was fully compliant with GDPR requirements. At the
conclusion of the research project, the data controller will ensure that all data-
bases are destroyed within two years. Access to the data is granted solely for the
purpose of reviewing the publications resulting from the project.

6. Conclusion

Data donation is receiving growing attention in the literature as a promising
solution for addressing the challenges of digital research in the post-API era
(Boeschoten et al., 2023; Ohme et al., 2024; Pfiffner & Friemel, 2023). How-
ever, only a limited number of contributions have shared practical insights on
how to implement data donation within empirical research (Welbers et al., 2024;
Zannettou et al., 2024). This paper has aimed to add a valuable example to this
emerging field by illustrating how data donation was implemented in the Algo-
Feed project to collect YouTube and TikTok data. We have described key as-
pects of the process, including the use of monetary incentives, the creation of
video tutorials to support participants in retrieving their data, and the data man-
agement procedures adopted—along with the challenges we encountered. We
have also shared the data enrichment work conducted by Al Forensic, which
significantly enhanced the project’s analytical potential. Furthermore, we have
outlined the European legal framework that supports this type of user-centric
data collection, which may be practically useful for researchers undertaking sim-
ilar work. Ultimately, we have shown an example of the valuable insights that
this type of data can provide.

While the AlgoFeed experience has further demonstrated several ad-
vantages of data donation, such as greater participant involvement and access
to granular digital trace data that would otherwise remain inaccessible, it has
also highlighted some important limitations. Data management was not
straightforward, especially for researchers accustomed to API-based workflows.
Furthermore, despite video tutorials, many participants encountered difficulties
in retrieving their data. This challenge emerged even within a relatively young
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sample, which should be - on average - digitally literate, therefore raising con-
cerns about the feasibility of similar approaches with less digitally proficient
populations. Moreover, a substantial proportion of participants either did not
complete the donation process or provided incomplete data (only 109 out of
240 provided usable data profiles), a challenge also reported in other studies
employing data donation approaches (Welbers et al., 2024).

These limitations, along with the overall experience of the AlgoFeed pro-
ject, suggest several reflections for further developing data donation ap-
proaches. The aim is to better fulfill their potential for collecting rich digital data
while ensuring a more participatory role for research participants, one that also
enhances their understanding of how their personal data is used online (Welbers
et al., 2024). First, it is crucial to engage participants closely—both by offering
technical support during the donation process and by clearly communicating
the scientific value of their contribution. With respect to technical support,
other studies have developed platforms for supporting data donation (Boe-
schoten et al., 2023; Welbers et al., 2024), we decided to use video tutorials.
These initiatives can certainly help, but having the opportunity to more directly
support participants, even with the technical aspects of the donation process,
would undoubtedly be beneficial. Of course, aiming for such close contact with
participants would necessarily reduce the number of individuals involved. How-
ever, this trade-off can lead to improved data quality. At present, it seems pref-
erable to obtain complete datasets from a smaller number of participants who
are fully engaged in the donation process, understand its rationale and purpose,
and receive adequate support in navigating its technical aspects.

Such a more limited but richer dataset can then be further enhanced
through complementary approaches. The AlgoFeed project provided a valuable
example of how donated data can be enriched. The enrichment activity carried
out by Al Forensics appears to be a recommended strategy for strengthening
the informative power of the dataset to be analysed. This was achieved by com-
bining the personal data donated by participants with additional data obtained
through other digital methods approaches, such as API calls and web scraping,
effectively merging the strengths of multiple techniques.

More specifically, as shown in our contribution, when dealing with data
donation, researchers should be prepared to work with unstructured or incom-
plete data, which may require additional effort in cleaning and preparation.
Once again, these challenges can also be mitigated if participants are well sup-
ported throughout the data retrieval process and provided with clear, accessible
instructions. Therefore, based on the experience of the AlgoFeed project and
previous research contributions, it seems that strengthening the bond between
researchers and participants is key to further improving the potential of data
donation. In this respect, it is important to remember that data donation is not

560



Data Donation From YouTube and TikTok Users: How We Implemented It
Andrea Russo, Dario Pizzul

just about the data itself, but also about participant involvement and awareness.
This perspective aligns with a more participatory and ethical research paradigm
that moves beyond extractivist models that treat participants solely as data
sources (Caliandro, 2021).
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